
2.3 Design Considerations for Prompting

Prompting
Method

Pre-trained
Models §3

Left-to-
Right LM GPT [139]; GPT-2 [140]; GPT-3 [16]

Masked LM BERT [32]; RoBERTa [105]

Prefix LM UniLM1 [35]; UniLM2 [6]

Encoder-
Decoder

T5 [141]; MASS [162]; BART [94]

Prompt En-
gineering §4 Shape Cloze LAMA [133]; TemplateNER [29]

Prefix
Prefix-Tuning [96];
PromptTuning [91]

Human Effort Hand-crafted LAMA [133]; GPT-3 [16]

Automated Discrete AdvTrigger [177]; AutoPrompt [159]

Continuous
Prefix-Tuning [96];
PromptTuning [91]

Answer En-
gineering §5 Shape

Token LAMA [133]; WARP [55]

Span PET-GLUE [154]; X-FACTR [66]

Sentence GPT-3 [16]; Prefix-Tuning [96]

Human Effort Hand-crafted PET-TC [153]; PET-GLUE [154]

Automated Discrete AutoPrompt [159]; LM-BFF [46]

Continuous WARP [55]

Multi-Prompt
Learning §6

Prompt
Ensemble

LPAQA [68]; PET-
TC [153]; BARTScore [193]

Prompt
Augmentation

GPT-3 [16]; KATE [100];
LM-BFF [46]

Prompt
Composition PTR [56]

Prompt De-
composition TemplateNER [29]

Prompt
Sharing Example Fig. 5

Prompt-based
Training

Strategies §7

Parameter
Updating

Promptless
Fine-tuning BERT [32]; RoBERTa [105]

Tuning-free
Prompting GPT-3 [16]; BARTScore [193]

Fixed-LM
Prompt
Tuning

Prefix-Tuning [96]; WARP [55]

Fixed-prompt
LM Tuning T5 [141]; PET-TC [154]

Prompt+LM
Tuning P-Tuning [103]; PTR [56]

Training
Sample Size

Few/zero-
shot

GPT-3 [16]; PET-TC [153]

Full-data PTR [56]; AdaPrompt [21]

Figure 1: Typology of prompting methods.
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